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Data models: Conceptual, logical or physical semantic descriptions of objects and their
relationships
Metadata standards: Representations of individual data concepts useful for organizing datain a
database or data exchange file

Terminology standards: Representations of individual data values
Exchange standards: Schemas or file types for exchanging data hetween systems; the container for
transporting data

(e.g., ODM, FHIR and SAS Transport File)
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Part 2, Fig4. Layers of clinical data standards
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SCDM Part2 9. Automations )
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Part 2, Fig 5. Technologies powering automations
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Robotic Process Automation (RPA)

SCDM Part2 9. Automations
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Intelligent Process Automation (IPA)
SCDM Part2 9. Automations
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Natural Language Processing (NLP)

Natural Language Generation (NLG)
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Machine Learning (ML)
SCDM Partl 5.3. Evolution of technologies
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Artificial Intelligence (AI)

SCDM Part2 9. Automations / SCDM Partl 5.3. Evolution of teChnOI\oéiF%QEb’ﬁ
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SCDM Part2 9. Automations
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SCDM Partl 5.2 Impact of regulations on Data Quality and CDM I}Dractices
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SCDM Part2 10. Emerging regulatory expectations for technologies
O zzR
> eSourceMBREELROIERT(E ABIEARAJRERIET —AZEDEFAF I A&
Do TN T—HLS—DIFELDE. JAEREFBETEZ ARG DET(CRI I BT
fEERE (potential issue) DIFENEELR D,

m F—4J0—-0AEL
O Risk Based Approach (RBA) ¢« S XFLhDZHk(E. EDCIT—F1EN
v BEERUAINBOMNA > M4ETET 3!
v BIEERRDUR I Z 8RR T 31

O DMEHp53 AT I — W7 =5 I0—¢7 = A T RVRIZIRFR TED LIS
HINETHB!?

m EAEIIHOLE1—
O RBA > "BER"IVTFAT7AEROWEE
O BEMNRERIIMLE1—(CED. T-YD@mEL TR RT3 BN REZFTE
TE3%
o HERRDRVWEICLDT—HIATD
o ARYICFEVHARITDePRODT—SA N

51A7t: 1 SCDM Annual Conference 2019 Regulatory Panel (https://scdm2019.org/conference- 45
presentations/#1571830726758-b3cbfal10-d2d811f1-618f)



http://www.jpma.or.jp/
https://urldefense.proofpoint.com/v2/url?u=https-3A__scdm2019.org_conference-2Dpresentations_-231571830726758-2Db3cbfa10-2Dd2d811f1-2D618f&d=DwMFJg&c=ZbgFmJjg4pdtrnL2HUJUDw&r=6USGAfInAZMeX37QrxTN2aN2ZRjdj8yQDpY-RY0nRSA&m=k_ZjJxF_WTYkesCrIYDDUdfBPrw2IY0y_nXXTEvaZ3M&s=B0blN4hOIzhfPZRi1huDOqyMmwVpHAn08gAbVRnGXOs&e=
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SCDM Part2 10. Emerging regulatory expectations for technologles
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